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INTRODUCTION

Earth data monitoring fire hazards has grown concomitantly, yet our open science capability to quantify

how wildfires impact water resources remains obscure. There is no generalizable open science model to

converge the vastly dissimilar nature and types of fire and water data, models, and tools to quantify

increasing likelihoods of post-fire flash floods and degrading water quality. In response to these limitations,

our framework incorporates geospatial analytics, linking satellite data with vegetation and soil moisture

information, and works seamlessly with the process-based Soil and Water Assessment Tool (SWAT) and a

hybrid machine learning model, Support Vector Machine (SVM). Prototype applications have demonstrated

high accuracy in predicting streamflow in large, fire-impacted watersheds across the western U.S.
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